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Abstract

The rapid progress of general-purpose AI systems has created an urgent need to
align these technologies with human values, ethics, and societal goals. While
traditional approaches treat alignment as a static, one-way process, this tutorial
frames it as a dynamic, bidirectional relationship in which humans and AI sys-
tems continuously adapt to one another. We introduce a structured framework for
Human-AI Alignment and systematically examine how to empower human agency
throughout the alignment process. The tutorial is organized around three core areas:
Foundations (what values should AI align with?), Methods (how can we empower
humans in alignment across system stages?), and Practice (what sociotechnical im-
pacts result from AI deployment?). The session concludes with a multidisciplinary
panel featuring four leading experts discussing emerging Challenges and future
directions in alignment research. This tutorial equips participants with essential
conceptual foundations, practical methodologies, and critical perspectives on the
evolving alignment landscape. All materials, including slides, coding resources,
and recordings, will be publicly available through our tutorial website2.

1 Description

The rapid advancement of general-purpose AI has created an urgent need to align these systems with
human values, ethical principles, and societal goals. This challenge, known as AI alignment [1], is
critical for ensuring that AI systems function effectively while minimizing harm and maximizing
societal benefits. Traditionally, AI alignment has been conceptualized as a static, unidirectional pro-
cess aimed at shaping AI systems to achieve desired outcomes and prevent adverse consequences [2].
However, this one-way approach is insufficient, as AI systems increasingly interact with humans in
dynamic, unpredictable ways, creating feedback loops that influence both AI behavior and human
responses [3]. This evolving interaction requires a fundamental shift toward recognizing the
bidirectional and adaptive nature of human-AI relationships [4].

While previous alignment tutorials have primarily treated AI alignment as a static process of fitting
AI to human and institutional expectations, this tutorial frames alignment as a continuous, evolving
engagement between humans and AI. To clarify the dynamic roles of humans and AI, we introduce
a conceptual framework for Human-AI Alignment (Figure 1) and systematically explain how humans
can be empowered throughout the stages of the alignment process. Specifically, the tutorial
addresses three central questions: (i) Foundations — what do humans expect AI to align with? (ii)
Methods — how can humans be empowered in building aligned AI? and (iii) Practice — what
sociotechnical impacts does AI have on humans and society? To stimulate debate and inform future
research directions, the tutorial concludes with a comprehensive discussion on (iv) Challenges,
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incorporating the perspectives of three speakers and four panelists from diverse backgrounds on
emerging topics and open problems in Human-AI Alignment.

Goals. This tutorial aims to benefit audience through four main objectives: (1) Comprehensive
Overview: Provide a systematic perspective on Human-AI Alignment, emphasizing human engage-
ment throughout the alignment process. (2) Knowledge and Understanding: Offer comprehensive
knowledge on human values, alignment techniques, and the societal impacts of AI systems. (3) Prac-
tical Skills: Equip participants with interactive coding notebooks and hands-on exercises, enabling
them to practice actionable tools and implement basic alignment strategies in diverse AI systems. (4)
Facilitate Discussion: Foster critical dialogue on future challenges, open problems, and emerging
opportunities in alignment research, offering research inspiration for participants’ future work.

Individuals

Data

Pre- and Post-  
Training

Inference

Human Society

A Conceptual Framework for Human-AI Alignment

Foundations: Social 
Values, Morals and Norms

Methods: Human 
Specifications & Alignment 

Techniques 
(with Interaction)

Practice: Sociotechnical 
Evaluation and Oversight

InterpretableMulti-Agent 
Systems Oversight

• Dynamic and Evolving Alignment 
• Safety - Performance Trade-off 
• Superficial and Deceptive Alignment 
• Alignment in Agentic AI

Safety

Trustworthy

Governance
AI

AI (Agent) Systems

Why Human-AI Alignment?

Figure 1: A conceptual framework for Human-AI Alignment.

Importance and Impacts. Given
the existing challenges that alignment
challenges in existing frameworks
are ill-equipped to address, there is
an increasing need for profession-
als who understand the full scope
of Human-AI Alignment, encompass-
ing both technical foundations and
sociotechnical implications. This tu-
torial addresses this gap by prepar-
ing participants to contribute meaning-
fully to alignment research, policy dis-
cussions, and implementation efforts.
By offering a balanced combination
of conceptual frameworks, technical
methods, and critical debate, the tuto-
rial ensures participants engage with the current state of the field rather than treating alignment
as a resolved issue. The interactive panel component further cultivates the analytical skills and
perspectives necessary to navigate and advance this rapidly evolving area.

2 Related Tutorials and Workshops

Alignment research has gained significant momentum over the past three years, with an increasing
number of workshops exploring related themes. Notable examples include: ICLR 2025 Workshop on
Bidirectional Human-AI Alignment [link]; NeurIPS 2024 Workshop on Pluralistic Alignment [link];
ICML 2025 Workshop on Models of Human Feedback for AI Alignment [link]; ICLR 2025 Workshop
on Representational Alignment [link]. In comparison, we only identified one tutorial in previous
venues, featured in NeurIPS 2024: the tutorial on “Cross-disciplinary insights into alignment in
humans and machines” [slide and video]. While this tutorial introduced cross-disciplinary perspectives
and emphasized Institution-Compatible Alignment as the primary optimization goal, there is still a
lack of systematic, in-depth examination of humans’ roles in alignment and concrete approaches for
empowering humans throughout the alignment process.

Distinctive Contributions of This Tutorial. This tutorial differs from previous offerings in three key
aspects. First, we broaden the traditional, static concept of AI alignment by introducing a conceptual
framework for Human-AI Alignment, capturing the dynamic and evolving nature of alignment.
Second, we provide structured, actionable roadmaps for empowering humans multiple stages of
the alignment process, combining theoretical foundations with practical tools. Third, we convene
panelists from varied disciplines and backgrounds to collectively discuss emerging challenges and
future directions in Human-AI Alignment. Overall, this tutorial offers a comprehensive examination
of the interactive, reciprocal process of human-AI collaboration in achieving dynamic, bidirectional
alignment, addressing a critical gap in current educational resources.

3 Outline of Tutorial Content

In the following, we provide an outline for the 2.5-hour tutorial, supplied with important References
that will be covered in each section.
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I. Introduction (15 min)
Why do we need to align AI with humans, and why should humans be empowered in the alignment
process? This section introduces the motivations behind AI alignment as a requirement for AI safety
and necessity of human engagement. We present a conceptual framework for Human-AI Alignment
(Figure 1) and outline the structure of the tutorial guided by this framework.

• Overview of the tutorial;
• Basics and recent progress of human-AI alignment;
• Importance of alignment for AI safety;
• Importance of empowering humans in the alignment process;
• References: AI Risks and Safety: [5, 6, 7, 8], Alignment: [9, 10, 4]

II. Foundations: Pluralistic Values, Morals and Norms (25min)
Which values do humans expect AI systems to align with? The section introduces taxonomies,
representative value theories, datasets and methods for pluralistic value alignment.

• A taxonomy of AI values and morals;
• Representative value and theories and datasets;
• Value evaluation and validation approaches;
• References: Overview and taxonomy of alignment goals: [11, 12, 13], Value and moral

theories: [14, 15, 16, 17, 18, 19], Datasets and evaluation: [20, 21, 22, 23, 24].

III. Methods: Human Specifications and Alignment Techniques (30min)
How can we empower humans in building aligned AI systems? This section encompasses training,
optimization, evaluation, multi-agent systems, and technical implementation.

• Human specifications and data collection strategies;
• Alignment techniques at pre-training, post-training, and inference stages;
• Interactive, customized alignment techniques;
• Evaluation protocols and benchmarks;
• References: Specification methods: [25, 26, 27? ], Alignment techniques: [28, 29, 30, 31,

32, 33], Interactive Alignment: [34, 35, 36], Evaluation and benchmarks: [37, 38, 39].

IV. Practice: Sociotechnical Evaluation and Oversight (25min) + Q&A (10min)
What sociotechnical impacts does AI have on humans and society? This section explores the broader
societal consequences of AI alignment, and the dynamic influence of AI on humans and institutions.

• Alignment for safety and trustworthiness;
• Interpretability, controllability, and oversight;
• LLM simulations and sociotechnical impacts;
• References: Safety and trust: [40, 41], Interpretability and controllability: [42, 43, 44],

Simulations and social impacts: [45, 46, 47, 48, 49]

V. Challenges: Emerging Topics and Future Directions (15min)
What are the emerging technical and ethical challenges in achieving human-AI alignment?

• Dynamic and Evolving Alignment
• Tradeoff between Safety and Performance
• Deceptive Alignment and Alignment Faking
• Alignment in Agentic AI and Multi-agent Systems
• References: Dynamic and evolving alignment: [3, 3], Safety-performance trade-off: [50,

51], Deceptive alignment: [52, 53], Multi-agent alignment: [54]

VI. Panel: Challenges and Prospects (30min)
Four invited panelists from diverse sectors and global backgrounds will share perspectives on
challenges, open problems, and future directions in alignment research, providing participants with a
multidimensional perspective. Hua Shen will be the moderator. Confirmed panelists include:

• Yoshua Bengio (Professor, Mila - Quebec AI Institute, yoshua.bengio@mila.quebec)
Bio: Prof. Bengio is the 2018 A.M. Turing Award laureate and one of the most cited and
h-index researchers in AI. He is full professor at Université de Montréal, and Founder and
Scientific Advisor of Mila – Quebec AI Institute. He received numerous awards, such
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as the prestigious Killam Prize and Herzberg Gold medal in Canada, and member of the
UN’s Scientific Advisory Board for Independent Advice on Breakthroughs in Science
and Technology. Prof. Bengio was named in 2024 one of TIME’s magazine 100 most
influtential people in the world. He is internationally recognized for his contributions to
deep learning and AI safety. He actively engages in alignment and responsible development
of AI, including chairing the International Scientific Report on the Safety of Advanced AI.

• Dawn Song (Professor, UC Berkeley, dawnsong@cs.berkeley.edu)
Bio: Prof. Song is a Professor in the Department of EECS at UC Berkeley. She is an expert
at the intersection of AI, security, and privacy, addressing the technical and ethical challenges
of AI systems. As an ACM and IEEE Fellow, her research includes developing secure,
trustworthy AI systems — contributing directly to alignment concerns in safety-critical
and privacy-sensitive applications. She is the recipient of various awards including the
MacArthur Fellowship, the Guggenheim Fellowship, the NSF CAREER Award, the Alfred
P. Sloan Research Fellowship, the MIT Technology Review TR-35 Award, and several
Test-of-Time and Best Paper Awards from top conferences in Computer Security and Deep
Learning. She is ranked the most cited scholar in computer security (AMiner Award).

• Eric Gilbert (Professor, University of Michigan, http://eegilbert.org/)
Bio: Eric Gilbert is a Professor at the University of Michigan, where he directs the
comp.social lab. A leading sociotechnologist, his research centers on the design, develop-
ment, and study of social computing systems. He was a Visiting Scholar with the Rebooting
Social Media initiative at Harvard’s Berkman Klein Center, having previously served on the
faculty at Georgia Tech. His work is highly recognized, having received the NSF CAREER
award, the National Academy of Sciences Kavli Fellowship, the 2024 ICWSM Test of Time
award, and multiple best paper awards. He is also a Distinguished Member of the ACM.

• Monojit Choudhury (Professor, MBZUAI, monojit.choudhury@mbzuai.ac.ae)
Bio: Prof. Choudhury is a full professor of Natural Language Processing at MBZUAI.
His research interests center around the convergence of Language Technology and Society,
exploring pivotal inquiries such as the learning and (mis)representation of linguistic and
cultural diversity by foundation models, contributing to value alignment and representational
fairness in global AI deployments. His research delves into the impact of representational
disparities on present and future of technology use, and their impact on linguistic and cultural
dynamics in real world. He is the recipient of various awards, including the Young Scientist
Award by Indian Science Congress Association. He also served as multiple roles, such as
Associate editor of IEEE Trans. on Pattern Analysis and Machine Intelligence.

• Hannah Kirk (Research Scientist, UK AI Security Institute, hannah@thekirks.co.uk)
Bio: Hannah Kirk is the Research Scientist at UK AI Security Institute and Ph.D. at the
University of Oxford. Her research centres on human-and-model-in-the-loop feedback and
data-centric alignment of AI, particularly emphasizing the societal impact of AI systems as
we scale across model capabilities, domains and human populations. Her body of published
work spans computational linguistics, economics, ethics and sociology, addressing a broad
range of issues such as alignment, bias, fairness and hate speech from a multidisciplinary
perspective. She has been invited as a keynote talk at various venues including the NeurIPS
2024 Pluralistic Workshop.

4 Speakers, Panel, and Diversity

4.1 Speakers

All three speakers have confirmed to attend the tutorial and each will deliver at least one 30-minute
session part. Their detailed biographical information and areas of expertise are presented below.

Hua Shen (Assistant Professor at NYU Shanghai, New York University, huashen@nyu.edu)
Bio: Hua Shen is an Assistant Professor of Computer Science at New York University Shanghai and a
Postdoctoral Scholar at the University of Washington, who initiated and leads bidirectional human-AI
alignment research. Her research spans HCI, NLP, speech processing, and computer vision. Her
works on human-AI interaction and alignment have received multiple awards (e.g., AIED’24 Best
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Paper, CSCW’23 Best Demo, Google Scholarship). She is a recipient of 2023 Rising Star of Data
Science. She was invited to talk at leading academic and industrial institutions, including CMU,
UW, UIUC, UMich, Princeton University, Google DeepMind, Microsoft, and more. Dr. Shen serves
in leading roles at top-tier conferences (CHI Associate Chair, ACL/EMNLP program committees)
and founded the Bidirectional Human-AI Alignment workshops at ICLR 2025 and CHI 2025. Talk
Recordings: ICLR 2025 BiAlign Workshop Opening Remarks., UW Data Science Seminar.

Mitchell Gordon (Assistant Professor at MIT, Researcher at OpenAI, mlgordon@mit.edu)
Bio: Mitchell Gordon is an Assistant Professor of Computer Science at MIT CSAIL and CCES,
and a Researcher at OpenAI. He leads research at the intersection of human-computer interaction
and machine learning, with a focus on designing interactive systems, evaluation approaches, and
pluralistic values for human-AI alignment. His work has received multiple recognitions, including a
CHI Best Paper Award, CSCW Best Paper Award, Apple PhD Fellowship in AI/ML, Oral Presentation
at NeurIPS, and more. Dr. Gordon organized the NeurIPS 2024 Pluralistic Alignment Workshop and
has been invited to speak at multiple AI conferences and academic institutions. He actively serves in
leadership roles across top-tier venues, including NeurIPS, CHI and UIST Area Chairs. He completed
his Ph.D. at Stanford advised by Profs. Michael Bernstein and James Landay, and a Postdoc Scholar
at University of Washington advised by Prof. Yejin Choi. Talk Recording: Stanford Seminar.

Adam Tauman Kalai (Research Scientist, OpenAI, adam@kal.ai)
Bio: Dr. Kalai is an American computer scientist who specializes in AI and works at OpenAI,
specializing in AI Safety, Fairness, Ethics, and alignment of advanced AI systems. His research spans
algorithms, fairness, machine learning theory, game theory, crowdsourcing, and the social implications
of generative models. Prior to OpenAI, he was a Senior Principal Researcher at Microsoft Research
New England from 2008 to 2023. Dr. Kalai’s work has received broad recognition for advancing
technical methods and conceptual understanding in AI ethics and alignment. He has co-chaired
leading conferences such as COLT (Conference on Learning Theory), HCOMP (Conference on
Human Computation), and NEML. His work has been recognized with numerous honors, including
several best paper awards, an NSF CAREER Award, an Alfred P. Sloan Fellowship, and most notably
the Majulook Prize. Talk Recording: Keynote at 2024 ACM Conf. on Economics and Computation.

4.2 Diversity of Speakers and Panelists

The speakers and panelists for this tutorial represent a broad spectrum of demographic backgrounds,
professional experiences, and research perspectives. We actively promote diversity along multiple
axes, including gender, race, geographical location, institutional affiliation, academic seniority,
and research specialty. Among the 3 speakers and 4 panelists, 3 identify as female and 4 as male.
The group includes 5 academic researchers — comprising 3 full professors and 2 assistant professors
— alongside 1 researcher from a leading AI industry lab (OpenAI) and 1 researcher from the UK
government’s AI Security Institute. Geographically, participants are based in USA, Canada, Asia,
Europe, and the United Arab Emirates, reflecting international perspectives on human-AI alignment.

In terms of expertise, the speakers and panelists bring complementary strengths across AI safety and
alignment, human-AI interaction, algorithmic fairness, interpretability, language and multimodal
models, AI ethics, policy, and societal impacts. This diversity ensures that the tutorial and panel
discussions reflect a range of technical, methodological, and cultural viewpoints, fostering balanced
and inclusive dialogue on emerging challenges and opportunities in Human-AI Alignment.

5 Tutorial Website and Resource Access

This tutorial will provide lasting value to attendees through multiple accessible channels:

Tutorial Website: we will maintain a dedicated tutorial website3 to host all materials, including
presentation slides, hands-on coding notebooks, demonstration resources, recommended papers and
reading. Attendees will be able to reproduce key demonstrations and exercises using the provided
interactive notebooks.

3Tutorial Website: https://hai-alignment-course.github.io/tutorial/
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Video Archive and Audio-Accessible Format:: All presentations will be recorded and made
available via the NeurIPS archive and YouTube, with audio-accessible content. Presentations will
remain comprehensible in audio-only format, ensuring accessibility for a broader audience.

Hybrid and Asynchronous Access: The tutorial will support in-person and remote participation,
with all materials accessible online after the event for flexible, asynchronous engagement.
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